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Abstract

Abstract

In the field of video editing, Gradient-Latent Purification (GLP) has effectively ad-
dressed common challenges associated with latent optimization, including the inevitable
introduction of gradient noise and the uncontrollability of the optimization process.
By periodically purifying gradients through local coordinate decomposition and recon-
structing the stability of latent variables in the final stage, GLP enables more accurate
update directions. Meanwhile, GLP incorporates temporal smoothing to enhance inter-
frame consistency. Across multiple video editing tasks, GLP achieves state-of-the-art
performance in semantic consistency, temporal consistency, and user experience evalu-
ation, with ablation studies further validating the synergy between gradient purification
(GP) and latent purification (LP). These outstanding results suggest the strong poten-
tial of GLP for broader application within other latent optimization-based frameworks.
In the complete architecture, GLP combines backward editing and forward editing to
balance global semantic alignment with local controllability. This work, however, ex-
plores another perspective, focusing on uncovering the further potential of forward at-
tention injection. Attention injection intervenes directly in the generation process during
sampling without relying on backpropagation of gradients or altering latent variables,
enabling flexible control over local regions. Specifically, reference semantic informa-
tion is injected into the attention layers of the transformer model by replacing or fusing
query vectors, key vectors, value vectors, or attention maps to guide the generation.
We conduct a comprehensive and scientific evaluation of video editing quality using
V2VBench, comparing typical attention injection methods with GLP across multiple as-
pects including semantic consistency, object consistency, motion alignment, and video-
text alignment. In particular, P2P injects cross-attention maps from the reconstruction
branch into the editing branch, while PnP injects self-attention maps. Experimental re-
sults show that forward attention injection further enhances GLP’s performance in local
regions. Among them, the combination of PnP and GLP achieves the best results in
frame selection and text alignment, while P2P performs better in terms of overall video
quality. Therefore, by integrating multiple attention injection methods, it is possible to
improve forward editing performance from different perspectives and comprehensively

enhance video editing quality.

Key Words: Video Editing, Diffusion model, Gradient Latent Purification, V2VBench,

Attention Injection

I



Research on Video Editing Based on Attention Injection

v



B xR

%‘ 1 E %ilk\. ................................................ 1
11 ABRRER N R oot 1
1.2 BEZETAE o ovvvrree e e et 3
121 BEFRERHFMEEN - oo 3
122 ETFIEEHIIEMETEN - ooovvrrrrrrereineeineein e, 4
B2E i 7
21 BZRAEZE - 7
22 BEEE-GHREESELTY 7
D3 FEERFIIEN v v v vvrennn 8
231 PnP ﬁﬁﬁm .............................................. 8
232 P2P E(H%gﬁiﬁm .............................................. 9
BE3EE EBL ... 11
B BB e 11
32 V2VBench iqz1ﬁﬁ;ﬁ .............................................. 11
33 BEAZEBL oo 12
%‘ 4 JE’: -LTJ'-L/E\' ................................................ 21
gﬁ' 5 :‘E": ﬁﬁﬁ%i@ﬁ%% ..................................... 23
{}/j%jcmk .................................................... 25
BUAHT -+ oo 29



ST AR U 5 Y RTTE

VI



KIEH R

2-1
3-1
3-2

%31
%32
5% 3-3
%34
5% 35
%36
% 4-1
%42
% 43

=k4
FEZRIE] - v 7
GLP YREBEZEBRFRSIR -« oo vvrvrr et 12
Video-P2P JRAELE BRI <« v v v 17

REFR
GLP BN — B - - er e 14
0 2 - 15
GLP ST ER - v vvvrverme e 16
Video-P2P B — B -« cvvverme 18
Video-P2P B FE—BHE -« - v ovvererrrme e 19
Video-P2P TR - oo v vvvvever oot 20
GLP 5 Video-P2P 4RABRIERRFEL - - - - v v vvrrvrrrrrmernenennenn. 71
LLM-edit gABRIER - - r v v v 22
P2P R[E) Values RFEE <« v cvvvvmememmmemee i 22

viI



ST AR U 5 Y RTTE

VIII



B TES

AIGC
DDIM
DDPM
DDS
GLP
2V
PnP
SVD
T21
VAE

L 4ERRIAR

Artificial Intelligence Generated Content
Denoising Diffusion Implicit Models
Denoising Diffusion Probabilistic Models
Delta Denoising Score

Gradient-Latent Purification
Image-to-Video

Plug-and-Play

Singular Value Decomposition
Text-to-Image

Variational Autoencoder

IX

ANTRE A MINES
LMY R AR A
KMy AR AR
W EL A0
B - aS ) e
PR A A
GHSSae L
e
SUARE R
A0y H i



ST AR U 5 Y RTTE




B e

L1 #R85ZmiE 1T 4R

UL4E AIGC BUi5 1\ & e M PO e syl e 4, A\ T8 ek AuAe
B ARG T I T PG T O 7, TER Tl R 9 3 7 A TR B
. Forbr, 47O ) /e P A AT 45 P e A, A3 S A i e 8191100
Il 5 2 g D DOV E03) St 4 AR, T AR S A ik A s
TR TSGR, BSR4 I un A . T U ph S P 1
FEFIELAL. I, B 2D Pl i RE S 3D WU A ORI 05
ST R AR DS R SR R R UG L,
1, S B S PR B35 T8 AT 1 B A R TRV 85 5 U S 0
. WS PR RO . RERAL . REEIAL S T 2R S L ek
i A LR P W, AR AT 45 T, AR U 5 S IR BT 25
I BEE R IEA TR i . FTOA AT DAJE M OB AT, e B0 LA
REA. WA, PR S R R R, H R,
TR TR . R . B A R B SIS S . L, A
VAT B IR 2 B AT B R

VIR ) | A I ST A AT B O S A - L, R
LHET, FRBAIBFRERR B S B AR AT. B, A B (MK
WANHSFRLE , T 2SR A B O S5 B e 2 R B B, 45
51.) FBFITTZ RN . e R T B VAEUS) SspE s ch gk 8
B SRR — ML “HELEZSI] . SR 2 W PR F— P S LT
TS RISIRT SR, I LA IR SR, TR, B
SO NGB . BE AN 1, TR DB 458 (Encoder) ¥ %5
WONEAE R 2 = Encoder(l). TEFHATHUAHERT, TATHY B AR 2HE) ik
JEHEAEFOR 2, WS HRAYJE 19457 Decoder(2) BAT B M SRR SR (HIH,
AR R (G, RS ) . O R A ST i BT W B A PR AL I
FETF SRR HOR B 2, W EARREIS £ = 2 — qVL(z). Hor:
n R, VL) BHUREE L XTF 2 0B, BARREE AR 2, 13
TEWAEZS ] P 1) EARIRAS ST . e BT IBAE (AL WU S B v, B (2
A CHBT RS AT . R, T 1IGP: E R B G U
WOVEE SR 2, 1T S AR A b B AR SRR, 98 SRk, il
DDS!'): Lpps(2) = |leg(zi 1, 0) — €4z 1, @)| 7 Forh: 2, ST 5 1 TEAE 32
N (PR — A HEERAS) , e, YRR AL, y 2 HIR SCARIR,
@ TR B CA LM B R TR EAT SO R MG S 5 R
WA R B MG R W25, HARRIL 2 (B H7 M5 & B hfscd
HRI 7 I RTE . AR TR [ Y, T AR NIRRT, PR

1



ST AR U 5 Y RTTE

ARG T ARSERR S . A036 T EUBI A XM AR Y iR 25 T BOkR BT SR AN
. BANGRATESE (BRI e, AT, T RESE R TITNHEL G R
MR, AT BB Tl B 22 ) N REE I Im 2% . SRR FE Hr REALME Y
s . FEATLME RS ) AR AR T N AR AR BORI B R AR 2. Ak P TR
HRET RIS MG R TR . TR R | BT, AR,
RIEESG R, FEAIY, B EE b i L RS 2 S B AR ik
GRS AR, BREET MORHERS, W RES FE@ s SR r I AR,
BN ARE. ARERTAL, BTN, itk Fe il e s 3 gm et J2
WAL, RAPTRTERRN 2 W REHF A B R . AL BR B 46 5y 1a) n]
REA—E, SR RA T E SO ATE ] o

{58 P SCAR R I TR A WA 2 6 32 0T 40 A 1 7 9 A0 L 1 A 3 201,
I 1) 7 SRR ) i 1) 4% 4 2 AR TP B ORI B 3 H AR U I FE s, 3 R E
BEFRHEFEASOR o R gt 7 il e — MUk Hn ok 5 | S 4niEat 1, 0
T T O I 2 BT AR 2 R SE LT R W g RO . o, TR 2% i K —
il S A A A T ) 2 BOE RS, B A OB S EAUWRE ST, R T HE
AP IO SR AT BRI RE o X Sz ) 5 v G B A 45 £ 0 T YA D i — 263k
i HAERE T MARE, B2 T e 2 B R = 52, ik
T A —E R A S R . HUGR AP BOR T %, TR HERIA Z D2
IR I AIER, Pl RES T B R a0 B i . IO IR — B R, 18
P g R, S — W O @S AT, WERBRE T A RE , ARz
[ TR R (B AR Ak . TRARAS T AR A, SO ) B P — Bk TS
BT GLP #78, mdfies Tx i i, GLP s S ML BRI 5 5., st
B BD R LR M S o AR R ARPR R, A SVD SRR R Sk LA
o WNHNIENARIN, LR s &, #Efead Bl G, W rIE kg, i
WIAERS R4 R B —30k, D INBRRTEAS o

TEVESCIG AT, GLP ZEW AR /NIAS e . SURRE e X 1 w55 F , REREHRS
HESE R R IR, AR R A 1B sh 8 5 s a5 W, Aok T hse .
0 2 2R BTG K KI5 Jemy R . JC AR AL PR sh W (R, GLP FHA T4 58
kP TR SRR G5 R RE ) . RPN, GLP £E V2VBench!'!
HMERHRE L, 15 L —5E (Text-Align, Frame-Pick, Frame-Acc). B}F—2
4 (Motion-TC, Semantic-TC, Object-TC) AL (A Fi& (V-Quality) #5457
BT BAT H T Rl B e b vk . /2 78 Frame-Acc 1 Motion-TC Z:45 45
b, GLP &Urih R 00%, Sk 7 HAEHuE LG 5 a S &G
REJT. ET H P EAR A #E— 2 BIE T GLP fEizgh R . milalmis it 5
e A PR D B S B I B BT B2 T o AR SCHT G ERA b, SRR O SR BB AE R )
Hte, WELEEEANGIFEY FORFES R A ER 50 7. RS2 0w ) v
BEEA S GLP X, 90HImgmi ik 2 vl aetk. e3P,
M V2VBench M NAMEFR AR LG GmHACRIT 4, /30l - Wil e . P& . 15



B e

S—Elk . PR —ErkE . WS SORXS S AU SCAR XSS Wik E. st
5 WAFBEAIISATIE], ST PP A F T .

12 HXIIE

B VR AR 4 B2 U0 o T ) — PR B T . Bl
RLHEREIIPUE], REUE CRORRAE (BIaniE A5 B e a5 i mIE) AR, fi5
T EB B G R AR B AR . A SCE BRI S B A S S I E TR
TEARVRFIE TR . RIETE AR RREFE ORI, XA IR R DA A IZE . —
KRBT WL, 73— RERTIEZ A RHEEA

1.2.1 ETFREHSMEEN

MEE R4 7 FR R Y B AR A T PAGE3E B AR A A il FEVR , 25 R 31 B
W E 2S5 B e bE, — 28R 2200 S A5 MR A R PR 2615 HL . IR UL,
BT RO AR AR S A X 37 (Dual-Branch) #1224 3% (Multiple

Branches) .

Video-P2P"! fil Vid2Vid-Zero™"!  ff P2P {E4LY" 5 WUIRARIE ik, P #HIR
TR EE SR A (Cross-attention map injection) F1%5 A %% (null text
inversion ), A2 Y y3: & /7 &34 A (Cross-attention map injection ): /437 : ffi jj — /N &
P SCALFYR RS, i — 4 dE 0 S AL H AR Bl . Prompt-to-Prompt(P2P) 5%
P& T SCAFE R ] (text prompts ) 7F T21 B i G 30 . B RFRNAE R token [
SR AL 43 SO B S 435, AT P B R AR ) o 2 DX . Plug-
and-Play (PnP) Fil MasaCtrl > G [ 1 5 /)2 VE M SR A A k. PoP
HEE ). 58 DA block i # S M EEAS 73 SO A BN S o 52, SRR FHE
N &5H . MasaCtrl SREFEIFFIEANAS , [ IR BEAERRIE . & BUE A 2
WX B, ERGEASERS, AR RS SRS 8. FREEA T
YETT DAE AV TE )2 5% (latent inversion) JFEEG 5, Hln:

*; &
ztz,/a zt_1+(\/1—at—‘/a——a,>€9(zt_l,t,y).
-1 -1

A, 2
Qt ZQI ||Z;l_1 - Zt—](zt’ts y’ gt)||29

BEIS, REE IS TR SR TN 3o

ZINCA S B AR S B B Y, 2 PR AR B A BRI, ST
ARG L R B R, BRI W — M E AR R, B TR I
SRR, FRATTAT A —ABEALE 75 B 15 SR — A B R Rk g AN 1%
WRAE SRR P TG R E R I SCAR, Fb A “a person with a red hat”
PR S AR R AR B AT 2L B TR NG . SR, IR XA SOARR S
Hir @A T8, BRWREST| A SR DB IR 2. TEX RO

3



ST AR U 5 Y RTTE

T, FRATAT AGE 28 SCAS SOOI R SCAR TR BT il R <37 S
A (A— D2 AR s O E R I SCA ), BT ] DALEAR LA T AE 25 [R]
Sh0 B AR R A i) G, AT SO R R 22 G A AR R . TEAE
RSV IR T R A AL PR BRI RN ZE R B T . ST A DT RIS AL . 5
AR HT T RIOCTS 0 SO S 7 i S T RSB 2. R 2 1IEAE
FEVT DA A E R, SRS HER g 55 . Video-P2P ARG R 2Ry 78 07 B i
TAEBEERNZE, 5IATRIEERS)Z, H5EI T — MR R 58 I [A]— 2
PE. Vid2Vid-Zero W& 3R T4 Rl 2S5 01 20 B, SERVERRHIE SR B B
Al RIEEASHONEE, HIZMKE 2D JZ2 S2BRUER T X H] Bsf (] #4250t

HE -

Fate-Zero!>*! I Edit-A-Video!*®! Fate-Zero [a]iHd: A T8 W& A HEEE B
B, %5if T P2P Fl PoP . BRI AR B AR & A
iﬁ@%ﬂ% Edit-A-Video ffi Ji] 5 Fate-Zero JERIVER HEEA DI, FHl
A RV SR I, S A P A ()R AR B ) A
%mo%“%%ﬁ@TW%?%%m%%%,Wmﬁ%ﬂﬁnﬁﬁm(WWi
AR ) KE | FA G RR . HORIMRZE . AN, TAESS — WU 24 Hi T 1) (il
FHERY, B BRI, AT A PR g ) B[] — S0

Make-A-Protagonist'?’!  Make-A-Protagonist f#i /§ 5 PnP F1 MasaCtrl 24{lfi5
W, SRR A SR TR R AR AN BRI E A B S g S S DMEME R
Sy A IR AR TAEARTR), B FH Grounded SAM ST SRA5 55—t 43 FIHERY
HALA Xmem ™) S 2, ASEBURE IR AL A -

UniEdit®Y 1 AnyV2vEY 555 | AR % (B8 L HIEE 5% 4 %)
HeAF EANMFIEBEA . B 43 52 50 SR Wi R R b fl . RSy 2
TE IR TR A ZS 18] H B DA A B E, AR SS S . ILA),
ME Ay SE R A S [8) H R O ERHE, SRR R i Xk, 231%
2 A T AN A LB TR] 3 A A SRR R AR B AR BT RR Az B, AT
W EEMIATROE M. RIS A TAERAE, UniEdit fl Any V2V FEREARIREY |
A X 5. UniEdit /] T2V £ LaVieP2 | 430045 G CAR R . AnyV2V fif
FH 121 4 5z B3BASII30T g st i o Js 7 FH ST I 564 12V ASE2R 045 40
B, ORI SRR A PR [ g A 55 B R A2

122 EFEHHSFEEN

FAAETE AL AT ARS EA T o P 1) A 3 5 5 35 78 B TRDX Y. 9 3%
FFE MR AR AL TS5t i Se R A



B e

TokenFlow®”!  TokenFlow 5 4¢3 it 4 25 8] {2 1 0 4 R 25 5 338 1L
1l e Ak B — SERAE R B, SRS, TokenFlow Sh%5-1> token TR IR H AHAR K i
T AR o X TAEMT f v B 25 [AARAR (x £, v ) Y token , HIFEAH QI 25 5 ot
S FIAH SRR R KT f + BRI &P token 3 BTN K (s ) T (X ps Vg
B, A MUAT A ok ot ) ARy A A T a7 A -

n' "

f /-
h fh [Xprypel

by < Oy T A=)

Hrta, € (0,DEO, 1) Z—AMrdt, St f SIARSE B j+ 2 Ta] i B EL
Bl h Feos H TR 72 i i P a] BRORCRAAE -

FLATTEN8!  FLATTEN MG S 28 AT . ﬁ?~Awmmuxw:
X8 FRRAE I 55— AW Gy, yy) FORECZSIRABAR, FEFUAG T BT DA
HAERIAA £ — 1 MR ZS IR 2 2, B HER N — R

Sf }
[xpyrll”

TEgni e, HE 5| i3 E LG Otoken 52k [ HiAthiHh [7] — Bl iy
Ktoken A1 Vtoken fif' %} :

1
T(Xs’x]ayl) = {Xs[xl’yl]’ e, X

f
Q[Xfyf] [Xfo]’
K =V —7Tmx,y)~{h ).
[xr.yz] Lxpypl = 171 [xp.y/]

W) 5 | S 2 MLl (temporal-guided attention) AN3E o7 B it . FEEEHERE
HITUZ, PGB RRTETCRR AN LT SE I ToaE 4

FRESCO™! FRESCO R} 75 FLATTEN RILJ7 %, I T 544

BESRARACAERAE . BT 287 $hAF—ANIE FI A 1] ) DDPM B, - $ B

AHE Q1 € RN ML K/ € RN, . 4kJ5, FRESCO BIAT A%

B 5 [ YRR PLAR R 33K LR i A FEH A S A ) A TR R -

Q" -k
Wd

Hrp, A RGN T BiG, EMM R heEE L, i S
i (LR -

Q/ < Softmax( )y-Q7,

V/ « Softmax(

FEXHL, p Fon— PO ALR: 25— Wi PR AR R AR, TR 22
Iy B DA AR L2 2 1 X3 ﬁﬁb A AL ERF AR +— IR 550

5



ST AR U 5 Y RTTE

R MU, 20T FLATTEN fflil. oo, Bt a2 i A
GESEAT 70 . TR S S LR 22 15 7 — > DDPM IE AR 1508 . 75
SRR, PSR H AR € W A4 B3R A b e ROV Al
h/ € RN, X BB AE itk AGE I 5/ MBI 23 0 5545 26 ke Al -

L= Etemporal + ’u:spatialﬂ

F-1

c |/ =/ M — /=T Y,
=1

temporal =

f

F
T T
Lopia =4 Y, 07 -0/ —n/" /3
/=1

Hrp, 42—, HT-rHE.



F2w Tk

£2E8 K&
2.1 BEAAER

Image Editor
Plug and Play

Video Editor @

lim-edit

Video Editor
Video-P2P

(Peking duck) Detailed Caption e lIm-edit
oasted

Pl 2-1 HEZePe

TEgmiEd Y, e T —FEH TE U N S Z B Bb PR, &
TERHERE SR S5t R BT (anH = d sy ) Feh 5 & B s seie (anH
AR#H]) FRBER . ARG AFEIAOURNCN B, WERBEE N 8 fps, WA
RRHN B, FRIREFARS A hE”, B SURS A “HAR?, FEfiLk
PRYE:, RGHSEEMEFER SCARRIA , MFERATHE (caption) FIELNH
i (detailed caption), Ff4PAH A5 CIR7R (instruction), $8 55 2L1) EG s
WA R

TEERZE , AW SCAuts & — R AR T Mg G deiaar, DA
A REA H AR U SRR A B S MR 7 51 FERUTUZ 10, RS0 | ABR AR
fb (GLP) ¥k, ilidigas () e ie e o e i—Sor A oimigm e, Az R 51
TFE ST HARRII B . AN, REEER TIES 51 T dmiE s, W KiE
BRI FEIATHMLES G, SOR5 R IGWEE A A Video-P2P Hifdy, 55
PRVE: SLHR AT R A T

TEH =2 KA BT, RGN RN A SO, £ im-edit
P JE 5 A SORA WA A s, T3 6 EL AT 58 S0k KU S R Y v o AL
BRNZE . BRI SR CAS . BIMG . IU0 =ADNEZ R T SO E e, B — 1N 4E
B, ZRESHIU e 5 A R HESE

22 HE-shERL

Fa s Ry AL bt AR HOR T A B (SVD) i, KA mxn %R
e A MER=AEERTRIN: A=USVT Hh, U WA FRERE, KN



ST AR U 5 Y RTTE

mxm, ASHNE A OIEASCEE (b ZsIHOIERE ) s < 73 BRI, K/Nh
mxn, WAL RARY, FRARR T ERGRR T VT A5 E
(EEE, KK nxon, SR AZS IR TEACHE (Jeleh A TR S5 A AR 2 )
AP A AR AN R 4L 6
i A eVt s fieu 1

R, A B A RIS (AR, RGN gL (A5
EF) S TR e RS e Ak . Mo AR B B 1 e e
U T AR . G = {g@, gD, gD, gD, M, A4 gD B i
AL A B BT . FEVHELX e P )y 25451 : Cov(G, G) = GTGMW), ix
A1 T4 W6 BELE AN 797 1) RS AR B T 3B 7 22 B AT SVD MR,
HEFREN T A u, = SVD(CoV(G, G))o FiH wy R HOALFRIN 7 0] (6
BRI R BRI ) , Ay X RCIERAENY, FoR B LlaE . e e E
T TR Vz = 3, apuy Hodv ap ROSLRCE. Bokf, MRS T—A 3
BRI, TREA AT PSR, T DA B R I . T
TFHREBRE T I, BRI, PR eRE T m s £ &Y U
B eeE (PR k) 3 ANaad BB A ) (B IR BLE) 5 AN
SRR T K BN (B K ) .« e b, EMARIR & ST
La) = (5(V2)" + (B(V2) = 3)° B, Jooh, gy FTFLYsbiEE Jr RV |
By T 2Usb By T (O B , BT FLE30T B T AN O AT 30 SCARIE 7 B Ak o
FOMCPRL, 222 LB 5 Y 5.

[RIERF , 375 ERF )T PR S TR 0 00 fe 7 e — B, B A
(O] — Bk B3 . FERURARRT S50 h , W R A S AT, SRR
WiRERE T IR, TTAES B0 BIa s (BN —WiRL 6, 5w
)5 TR R (BN A AR [T R AR TS ) o B8R e SR Ae b 2k
AR, BIAFHE MR R Ap = A{App A Aphs up < {up_jupupg}o
BORE, WU BERE Y A ISR WS L, BRI IR 2 % BB A A
FEREERR LI, LA i = 3, L0t ) kgt
2 R TN R T U RIS 2 e A A 6] L

23 FEIEAN
2.3.1 PnP B{g44E >

B xG RAIIAMERS, @A ] DDIM [ [ SO TR R T P78 (inver-
sion) 3%, YELE HARRIA P IOIBILT , A B E g 1, 8 FAH IR
VIR, B xp = xG. FER Yo AR — AN 1, S bRRE h E
BIHRAE f], B 28 = e(xC,0). HP, e() Fmy BRI LR KI5,
SCMRAE £ B A SIS T A AR R BN x, 12 B R JRAT]

8



F2E Tk

WU ] B3 4B h HE . ZARIETT R R 2,y = e(x,, P 1), Hirr,
e(x,, P f) FTRTEFEASHE f] 50 F RO MR 2 Md A . 2R ARE
TR AL A Y R AR e(x,, P = eCxp P)o AREARFIEREEZ 1 HEAZS 1]
FRAE f] BOROR, AUEIRIZ (W11 = 4) YEARHE, oy i s i s B 5 45
W BEEEAJZEOMIR, G5 M 5 RO R R g o, (L[] st £ 3 6 9 PR 4 4
WLAE o S T TE AR B 25 5 3 AN LG 2 (B B S 4 A, 7EIRJZ (deeper
layers) ANFME IS AL, T2MH EEERE S (self-attention) AL HE— 45l
PR RR . R B 2 A A MR B ) (query) FilBE (key) J5,
W ENTZ AR AR AL, A H R A AL, SCEXE N 28
SRR . EARERGCF I AR AL k)2, AE R T RS
(3% AT R (semantic layout) , I HIEAS 715 L IXIRIH S — . 7EFE, BA
SRR T ORI B (5 R . ESERR T, YEA B MR v T
EMERER, HEN B A BBCY BT A R, EE, XFRAE
M AL R REREE B, B AR ) _E RO e FT AL BUE %
W FRFIR N z, ) = e(x, P f1L AD, HERE AR SORZE, EEH T
IR F OGS AR BURRRE . [R5 AR T A1 S 1 17 A

232 P2P Eg4migl

A MO 1 ARG 2, ASCAIA P BRI, Vi
A U RIS AERSE, ARG 1=z BEEWR, @K
30 2 IR 3L S AR T B SO R BG5S )
2T iy, 2 AR token (9 RITETE ) B M IR 7, 10 VR IS
BT © = Q=) SCRHABELL SIRAIE K = K@(P)
RUEERE V = V($(P); SO RUEITE SIS 0. K. v /BEI. BIF,
PRI M DA AU M = Softmax (25 ), Joh, My, FR%5 1 MRk
5555 j 4 token Z IR, d R SAEARIGBPAIE. BRI L
RN ¢z) = MV, IEFREF AL 6(z). EORE, SOUER
Jifiit MV R V AT, SRR TR M, B
BT 50 O A K WHIBEE. (% %IET ) (Multi-head Ateention) LI,
HARAE SR PR AR 2, FREIRA LA Tmagen 5 GLIDE %6001, E45
AP WA B R R S A TSR, AR SOUER S AR
(Hybrid atiention) , BIMG-SCAXIEAJFIU BB ] FIVERE ISR KIS
PR R VR AT M RSB SUR IR P AR . B
WEBURARR I (R AR T 45N RIER R 1. B DMz, B, 5) #70)
WO BB, T AR 2, RVERE P M, 5

DM(z,, P,, s)yy FIRFEY N, B AL SR IIE M, m5EEH HAMDR P,
HE I & Vs



ST AR U 5 Y RTTE

M| FoR M g s P AR R A
Edit(M,, M/, 1) 72— s ek 8, AR AR5 5 « 2RI

SRR RHE GRS R MG B R WP AT AR RO AR, AR AP B A
BRI g R, N TR G ARR TR, BDE Y Bud AR P i B
Mo Biltn, K47nin M “abig red bicycle” B “abigred car”. {EAETZ/RI
X TER R ABARAE A Y BOPEEA, ATRESE BERR R L2 4 (ks
TR R EHATHE NG ) o VR AR -

M, t<rz

Edit(M,, M/ 1) =
M/, otherwise

Hrb, o 2 EEESE, BHEA TR IR SRR R E A
—3 (UN£ token 7% B token) , MR DA X} 55 K%L (alignment function) HEfT
ASFECCEIAC . BN, BRI/~ IEAM “a castle next to a river” &ECA “children
drawing of a castle next to ariver” . "R AT, EXF RS R AL Rt
A token PVEE I TIEA . BARE SOWFFREL A, EXRFERIERTE PR
token ZR 5| W E] JFER R 1] P XY token R | (5 ToXT AV &[] None ) o Fii%H b5
Bl

(Bdit(M,. M]. 1)), = {(Mt )ij»  A(j) = None

(Mt),-A(j), otherwise

Horr i R EREG], j R token 5| 7 7 HFT AL (Attention Re-weighting )
AT DATEEEREAS token Xt A B EIR 1 5% 5 55 o (9120, ZE42 75 17] 7a fluffy red ball”
Hr, Bk EREEREEE D “fluffy” . ORI token [ 7 &1 3R DAZE
WS c:
c- (Mt),-j, i=J

(Edit(M,, M/, 1));; = ‘
(M,); otherwise

Hor, j* 2RO token 5[, ¢ MATARL, RN, B R R
HAEAE

10



F3E 4R

FIE &R

3.1 HIEE

FAIM V2VBench, Video-P2P. fEIHREEA I B CHIMEAAL T T 20 45
ST BRI . BEAIUHRE TS R ME . FIRIEMT 8 WK 1
Fb, Wiz 8 Wit b (FPS) 9 gif, AHFRIE R S12xS12 183 . iX SOiwe I H
TS5 LR B S e WL sh . i35, NS, REMAlist, M
AT R B oRAE 8 e SRAETRIRE (stride) FRIGAMAEHLT-2NH%E, PALREFS)
AEHE A, BORE S 75 o SRR SRR BT T RAEH 25T ] 512%512
23 [B) R B PRAE B0 TR R v o B T IR AN, B0
T — SR SCR PR A — S HAR SO R, DA AL T SCAR MU 25 45 17
AT S5 o S T IR U SR SR 2 R 35, BRI A BEAG =R AS [ 1)
HARSCAEIR , 20 B BS54 AT XU AL B L — kit T
Ste. ARIMGE RS, FRmETSEEE.

3.2 V2VBench iEM iR

V2VBench M 8 ANk AL WUAF 4 & W& (Frames Quality ). R34 /A
% R WL B, A — W ST A B T 00 AU A S B A Bl (TS T AT
HEZ R vE T LATON ST Sz ) 28 3 i S LB i o B . % T S A 1 1
EWTE, AIER. EEE. SARMRISEIRE] . S, RO AR
1595, DA g IS U B (A T RS« SRR (Video Quality ). [ T 7%
WTPEALi 41, ] DOVER ¥ 153 JEATHU95I4% B3TEAL . DOVER S 24 fi i Se 0 A
PSR ATAL 7vE, BET R THEA U BB VI R . 1o T 62455,
DOVER 33 R34l T HARSERR, M. KE. BIRMNARNAE S L. &
%tk (Semantic Consistency ). CLIPU W3t Atk 12 F Tl 415 SUAE
Ko FHEBIMTZ [8] CLIP i AR 4% 5% AR RURE A2 PEAG I R] — 250k A S S fe g
T ERAR TS bR . X5 —FtE (Object Consistency ) . F T Pl L —Bah,
TR S B S DU P o 5 2 T AN TR — 8. 81 DINOMHIe) i — 5 fiy
BN B AR, TS S B AR U . W5 SCAXT S (Frames Text
Alignment). [ TIPS BT, 5 B AR SCARSRR i — et 2 ATl
PR A5 AR, CLIP 1840 BIPAE 35 SCAR R 5 ) 12 (8 I T8 A7 . 5
WEA 535, BT CLIP 1555, HAERTA W EECEY . M-S SRS (Video
Text Alignment) . MM MITEYE 7803153, HALSEH CLIP 54 AT RETC v
YT S W2 O e Bl . 144 VICLIPM 4593 . VICLIP 4523 JE T W5 3¢
AN PTG, TIPS A AR R Z AR SRR . ke 4] 154y
(Frames Pick Score) . Wie#fiF/0 & —Fh:T CLIP (740 B4k, T MR



SRR AR 5 BT TS

Tt Bdde , Zia 5 B RRMSCARIA , DA B BRI 57 B o 328t
IWREMWEEEAT I, HBCFIE N HER. 1281%]5F (Motion Alignment). fREF5 A
R — Bz sh B 2 X E . Jtt, FIH GMFlow! ™ i - g ol 115
e, MRS, FobsnaiRzE (EPE). ST 5 AR R R — 2 (BIF2)
BB ), X ERZH) EPE UM R

[ u‘ i

Pl 3-1 GLP 4 &8t e n

SEG SR AL T DDIM PO i 7 38 5 B A AE G0 WA AT AL B, IR T
2N ) SH B DA S B RO SRR . B AR AR A B RO Y B
(DDIM inversion) FI1E KB (DDIM reconstruction) , &0 3 T4H [ A0 45
BATCE .. BOE T BB HER R 512 x 512, WAIMECH 8 i, FHiliid stride =3
PEHIMORAE R, BB = e B i, DARRARTH S i, HE S S H it i
Hr, R T 500 Y HCEEL, BRI AL RS T 402 ) B M 4514 5
T SCRHIE. A, A TSR BCAR S G RN E RS S, AR E T SOR G S
R cfgxt = 1.0 FIEIB G SALE cfgimg = 1.0, HgBEEAT & CAE L, Xk

12



CEE

B IR R R 454 . BT Plug-and-Play (PnP) FFiEVEAMESE, 454 DDIM W72
EACACRES, XN AT E Mg . BCE MR E T AL, b
BR. Bl'S5mpE. F5itE A XA DDS (Delta Denoising Score) fLAbBIHSE 5
HSE, DARUESR SR AR A TS A AR . AR AR, I R e
512x 512, Wighh 8, i stride=3 2 i i) FR AL AT A T TR . dndEn |
W E e fgxt = 7.5 SR SRS R B N, [FB it editingnegativeprompt
HIBAES 1A T . BOR). BRSECRETI NS, MR s . ¥ ek
Bk 500, #AGEAR B K RG] ddiminitlatentstidx = 0, WM EEEGI R
AR IR A Bt AR . AE PoP YEAMLSI T, 1T 10, 11, 1y = DSE00
WE . 123l G5 =FEEIEARZ] . AL iR B AaTN 0, Fong—7E
BRI BEE ASFE . [RIW, @ik skiplayercontent = 0. skiplayermotion = 0 I
skiplayerstructure = 25 SR [FZEAER 52 AR IE . Hh 454 24X
PREE 25 ZPA LIS, A egsiadshihiE . AL AIRECH 500 ¥k, 243 ik
4 0.07, [REIEFHR AL A 1 wl=2. w2=2, ¥i% B T g5 518 L —2:H
Fio

P2P 5255 - SCH BT Stable Diffusion v1-5 A B AT, R 8 MR
FE, WIRST R S12X512 183K, REEMERE A 1 WwiFr, HALE 0 WiFfid. At
Hfii ] 50 209 HHERE, guidance scale TR 12.5, DASRALSCAS [ FRCR, I
T A AR, W PR AN 50 2

EUNGRCE T, R TR/DFEIZE (3e-5), FHtRARE 1 MEAR,
RN ERE R 500 25, A P EACE LRAE . TR BR e e /il n vt &
JIAE, DA S R oA R A R R T SRR R T fpl6 IR A
. xFormers PAFILALE R JIHLHI Sk BEAG 25 SRS, [RI K3 F 8bit Adam fI
AR LR AR T RELRRF 33, DABRUESS SR B AT 2 B0 .

MELIRES IR R E, foih B, #9051 Pick Score ~F-35°4 0.270,
ViCLIP SCAXS 7515458 22.94, CLIP SCAXFF1550 4 29.52. BEKMF, BAURE
B Gt PR A AR B ) SCARPE R, FRAIEAE “rabbit” MU ERI 7, I T
TER ZREEHAAC T B R SCASIEBCRE 7 o FER P —E (75T , DINO Consistency
YIE R 0.6595, FHHWATEASTEWiE] 221k F-F% . Motion Alignment 1543 4-1.4367,
BIRTEL R ZBOEAS PR FFRAT , {HAE “man” #40 (Spider-Man Z 3 EE4L) A7
R RKINIBEATE, RRFER Al LA k23 [E] . CLIP Consistency
AR 0.9445, Bk T ik LSRR R AT

T4 s & T, Aesthetic Score “F-35 A 5.24, Dover Score -4 0.6197,
BRI AR E BB s i 2 i . Hodr, “man” HUASIHE Dover Score |1k %
0.8077, @7~ TAAESR ZRgn B AT 55 T ORI e B AR i T — BCPE R RE ) . RGOk
F, AW AETE R S e ERUS THEBERCR , (BAEshASIE T BT
AR 25 ]
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4% 3-1 GLP if5 3{—Btk

video id pick score viclip text alignment clip text alignment
blue-texture 0.2308 21.2133 24.8943
boxing-fisheye 0.2965 20.9596 35.0996
cat 0.2602 20.7265 25.7198
count 0.2358 21.1166 24.5689
Cross-city 0.2119 21.9587 21.7187
dog-agility 0.2406 19.9359 26.0769
helicopter 0.2209 22.5143 28.2553
hike 0.2359 20.2994 30.0854
horsejump-high 0.2097 19.8040 25.0147
ink 0.1417 19.5265 21.4354
jellyfish 0.2533 21.6096 28.5388
kite-surf 0.2201 19.5570 25.2513
makeup 0.2562 20.4835 24.0115
moonwalk 0.2853 21.0387 29.0100
parkour 0.3340 20.7103 30.8088
rabbit-watermelon 0.2978 22.8497 31.9646
tennis 0.2284 20.6977 24.6512
toy-rocket 0.3190 22.6156 29.1425
volcanic-eruption 0.1809 20.9885 28.9149
woman-dog 0.3061 23.3965 34.0035
Average 0.2482 21.1001 27.4583




F3E 4R

% 3-2 GLP W5 Stk

video id motion alignment clip consistency dino consistency
blue-texture -0.5052 0.9729 0.8130
boxing-fisheye -4.2389 0.9520 0.3661
cat -2.4069 0.9467 0.8555
count -0.0988 0.9949 0.7655
cross-city -1.1804 0.9598 0.5555
dog-agility -2.9530 0.9100 0.5429
helicopter -0.3542 0.9687 0.7922
hike -0.7333 0.9606 0.7267
horsejump-high -2.8672 0.9346 0.6070
ink -0.8276 0.8932 0.3463
jellyfish -2.1359 0.9835 0.7600
kite-surf -4.6525 0.9534 0.7714
makeup -1.7485 0.9592 0.7539
moonwalk -0.6966 0.9056 0.6538
parkour -2.5170 0.9106 0.6534
rabbit-watermelon -0.2680 0.9950 0.7965
tennis -2.8132 0.9107 0.5736
toy-rocket -12.1154 0.9337 0.5365
volcanic-eruption -0.4191 0.9930 0.8985
woman-dog -1.5709 0.9531 0.8816
Average -2.2551 0.9496 0.6825




ST AR U 5 Y RTTE

%% 3-3 GLP BB 4t

video id aesthetic score dover score
blue-texture 5.6281 0.9723
boxing-fisheye 4.5609 0.8922
cat 5.0145 0.9680
count 4.8534 0.9977
Ccross-city 5.2381 0.9615
dog-agility 4.3220 0.8687
helicopter 5.4832 0.9656
hike 5.2933 0.9784
horsejump-high 4.9420 0.8711
ink 4.3220 0.8292
jellyfish 5.0385 0.9811
kite-surf 4.9255 0.9728
makeup 4.9686 0.9301
moonwalk 4.5806 0.9596
parkour 4.4208 0.8509
rabbit-watermelon 5.4528 0.9921
tennis 4.5213 0.9253
toy-rocket 4.9952 0.8248
volcanic-eruption 5.9094 0.9909
woman-dog 5.0070 0.9170
Average 4.9739 0.9325




F3Em EPR

vp2p_frome

B 3-2 Video-P2P #ikash g
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¢ 3-4 Video-P2P if X —%c 1k

video id pick score viclip text alignment clip text alignment
blue-texture 0.2822 18.7806 26.6764
boxing-fisheye 0.2284 20.3981 32.5473
cat 0.3000 20.9953 26.7531
count 0.3076 21.5035 30.5813
Cross-city 0.1920 21.6535 24.7323
dog-agility 0.2179 21.7520 27.2810
helicopter 0.2751 20.3815 24.6749
hike 0.2574 20.2452 26.8134
horsejump-high 0.2693 21.8296 30.9411
ink 0.2359 20.5704 21.9544
jellyfish 0.3052 19.2692 29.5205
kite-surf 0.3011 19.4401 28.8321
makeup 0.2726 19.6967 25.9205
moonwalk 0.3151 21.3966 22.9388
parkour 0.2887 20.9709 28.2525
rabbit-watermelon 0.2356 21.6286 26.1468
tennis 0.2848 20.2873 28.8144
toy-rocket 0.2316 20.9902 28.0765
volcanic-eruption 0.3051 21.5507 33.6062
woman-dog 0.2680 20.4288 27.1623
Average 0.2687 20.6884 27.6113




FI3E

e

¢ 3-5 Video-P2P i} j—g Pk

video id motion alignment clip consistency dino consistency
blue-texture -3.3748 0.8929 0.7315
boxing-fisheye -1.8174 0.8920 0.3978
cat -1.9568 0.9070 0.7986
count -1.7517 0.8833 0.7277
cross-city -1.0303 0.9141 0.4929
dog-agility -3.2379 0.9304 0.5888
helicopter -2.3547 0.9047 0.6991
hike -1.6455 0.9106 0.6674
horsejump-high -2.9490 0.9016 0.6157
ink -1.1144 0.9120 0.6440
jellyfish -1.7790 0.8784 0.6217
kite-surf -1.4920 0.9095 0.6824
makeup -2.3426 0.8971 0.8802
moonwalk -1.5117 0.9628 0.2745
parkour -1.3589 0.9472 0.6240
rabbit-watermelon -1.8603 0.9116 0.6860
tennis -1.8594 0.8771 0.7039
toy-rocket -1.8378 0.8666 0.6037
volcanic-eruption -2.5180 0.9357 0.3960
woman-dog -2.0885 0.9079 0.7087
Average -1.9940 0.9065 0.6272




ST AR U 5 Y RTTE

#¢ 3-6 Video-P2P FL3 Jifi

video id aesthetic score dover score
blue-texture 4.9796 0.9274
boxing-fisheye 5.1940 0.9875
cat 5.4405 0.8419
count 4.6172 0.8594
Cross-city 4.9906 0.8419
dog-agility 5.6332 0.8823
helicopter 4.7432 0.9440
hike 4.7117 0.9482
horsejump-high 5.1215 0.9358
ink 5.3784 0.8514
jellyfish 5.0452 0.8065
kite-surf 5.5722 0.9247
makeup 5.3833 0.8984
moonwalk 5.3773 0.9450
parkour 5.2622 0.9571
rabbit-watermelon 5.9717 0.9289
tennis 4.9585 0.9600
toy-rocket 4.2392 0.9335
volcanic-eruption 5.6823 0.9485
woman-dog 4.8575 0.8868
Average 5.1580 0.9105




Had e

BAE i

e, AT =ANE X dwfi J5 AT T R =AY, 75
18 X —34: (semantic consistency ) . Bf/F—#P: (temporal consistency) 54k
BT (generation quality ) o X = ZEFEHRIL[RIFA BT FRA TSI G 8 808 B P 14
R, BB MAIE] R AR AL BRAS R m AT 55 B R B

% 4-1 GLP Y Video-P2P Zufi s R rf LL

il eyl fbs #%% GLP  Video-P2P

Pick Score 0.2482 0.2687
8 —38P: | VICLIP Text Alignment 21.1001  20.6884
CLIP Text Alignment  27.4583  27.6113

Motion Alignment -2.2551 -1.9940
bt — Sk CLIP Consistency 0.9496 0.9065
DINO Consistency 0.6825 0.6272

Aesthetic Score 4.9739 5.1580
Dover Score 0.9325 0.9105

GLP 5 Video-P2P ZwfHACRXS Fo b, FRATHCRE 1 WA 3= i i g A i B A4
it MiE X —FERFE , Video-P2P ¥ Pick Score (0.2687) #11 CLIP Text Alignment
(27.6113) W& E T GLP pxt i a4n (0.2482 1 27.4583), iBH Video-P2P FE i
TRPEHER 1 DA S Mt i SCUCHC Iy T 2 SR RIABE )« T GLP #& ViCLIP Text
Alignment $g#5 FEEOL (21.1001 vs. 20.6884) , U] HAEORAFOLINBE (A 5 3¢
AR — T T A —E . FERF—E0k )7, GLP £ Motion Alignment
(-2.2551) # CLIP Consistency (0.9496) W5k _E¥ 5T Video-P2P, TR H
HACRE W PG Sz sh R R R E . HZ R, Video-P2P B A= i
S o B %, H Aesthetic Score 53k 5.1580, Dover Score 7RiA%] 0.9105, iiAA
T VAR S R B A T B E R LA

LLM-edit ZmH AR : £ Video-P2P HEZL 5| AiEF KHBLAL (LLM) #£4T prompt
HEX A AR SE 0. XFH None (Toffd) 5 LLM-edit pifhis e v AR B,
LLM-edit 52455} T VICLIP Text Alignment ( 1 20.6884 475 % 21.2039) 15 CLIP
Text Alignment (H] 27.6113 $& 5 & 27.9552), KW EE 5/ prompt 54 B4
PEARS A AT & HARE SCRIUBIN 25 . /S48 Pick Score 71 LLM-edit H1IA T 5%
(0.2436), X W] REAR H T A2 B AT T 08 SCRE T, AT 55 1 e 435 A HH 1
. SR, TEBHF—30% 1, LLM-edit 7F Motion Alignment, CLIP Consistency
#1 DINO Consistency —Jifghn FISEEL THTF, JUH 2z 3h—EEM -1.9940 B
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ST AR U 5 Y RTTE

# 4-2 LLM-edit g5435501
st eyl ks AR None LLM-edit
Pick Score 0.2687 0.2436

15 Y —%: | VICLIP Text Alignment  20.6884  21.2039
CLIP Text Alignment  27.6113  27.9552

Motion Alignment -1.9940  -2.6195
B e — 20 CLIP Consistency 0.9065 0.9284
DINO Consistency 0.6272 0.6379

Aesthetic Score 5.1580 5.1249

AU R Dover Score 0.9105 0.9380

BRBZR -2.6195, £ prompt BE I RBEIAINLER, RINFE—ERE LR
T HBFE M EM . Hb4h, Dover Score T2 0.9380, i BH B A AL BT AT BT
o, JRAEE Aesthetic Score /Mg R (M 5.1580 & % 5.1249) , {HEARFET FE Y
5

#é 4-3 P2P Anffi] Values Lt

il i 4 Values =2 Values =4 Values =6

Pick Score 0.2431 0.2675 0.2859
ViCLIP Text Alignment | 21.4732 21.0356 20.4187
CLIP Text Alignment 26.9124 27.6450 28.3846

P2P [ Values Xt . 7E Prompt-to-Prompt 4% H A [A] value 158 %15 X —3
PER ST . K& value M 2 B4 6, Pick Score R4 I TFia% (0.2431
— 0.2675 — 0.2859) , CLIP Text Alignment 7R [a] 32T (26.9124 — 27.6450 —
28.3846), A TE SO0 B 3o A R T T gk B SC L RC g ) - A, VICLIP
Text Alignment I T W (1 21.4732 % % 20.4187) , Sl tiE ik A # ] g
ISR R (AR ) — B, S EUBIAUG 4 il AR W VE B RE ) T . ZIS R
i, 7E Prompt-to-Prompt g, value [ ETRIE “GSHLREE" 5 B IE5R”
Z NAASUASE o

LB KA, Video-P2P AHE T GLP #14  =5  EME i & 5 i ih L3Rk B
71, M5 A LLM-edit AL o] 242 7 4 /il TR 5 4540 — 3t . Prompt-
to-Prompt /¥ value #2il SCIRF A - & FE G RTE SOFE A SR BEA B THE THE TR,
{H value 15 Eat 5 VT AEHI 55 IR (A — Btk . PRI, FESCPRR A A, @ BUREAE
% TR R BRE A S SN G, ASEINE OS5 451 R B R MU H A
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St
b

L WAt SRS

#
gl

BSE HRELSRZE

A IR S5 R 5 40, AR SCH2 ) BT Prompt-to-Prompt 11 4548 J7 VA TE
P AE AT 55 vh R B e ot i s LA il B8 ) S 45 R IrRE O, JUHAE TR L—3K
PEFIAE BT B 5 T 22 PAE E .« @I GLP 5 Video-P2P, 5| A LLM-edit %%
T LA SN values ZHUCT 28L& S, Sl IR IE T - g at i SO AR
JEA B T T SCRIBHERR P, T 1 value DU AT BERB SR AIATBE (A 1 L —
b teAh, LLM-edit SENE REGS A R TH 4 il CULHCRE T4l ok — i i 4514
FoE MG A

Video-P2P ¥ Aesthetic Score 5 CLIP Text Alignment |45, 1R HAEL
o S E AN RS SRS T G T GLP IYE ViCLIP Text Alignment 5 Motion
Alignment bR EACH:, (RIL T HAE PR IR AR 4540 A1 4 Jmp i i AR fae
LLM-edit F 0% 5] A5, VICLIP Text Alignment % %42 J}, CLIP Consistency 5
Dover Score [ b Ft, FIET EE /[ ARUTE LIRS AR 2. [FIET,
Motion Alignment 1 S /s 54 CRAFRE T30, Tnilk T 15 5 B 5 v A0 g
OR7INERi= S

Prompt-to-Prompt J5 % HA5 R IF Y e e Ay il RIGVE, BRIBTEORFFAE
WEE RS E R Bl F, 51 A S 2 A TR SO A . X YEAGE T
S KGR, WEAEADIE b TR 2O GUE, JF > B SHOR S
T SR ) SRR .

AR A G AZESEREGT T, G EmaEiELR
PAYGSEAE ST P2 R R AT I — EOE S SR A attention I SRENE, SEfE S
value B T IISSHIPRZN )8 = @45 A THImpIE S MBI (1 GPT-4) L3
e AR RE T, TR T S A . @Rk prompt £y, 4
L S ER AT S, Prompt-to-Prompt MM G iR FEZ UG . B 6
A2 S A PTG S U AT T A EL
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